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Artificial Intelligence-Enabled Human Resource Management Executive Summary

Executive Summary

Between October 2024 and May 2026 our research team conducted three waves of a longitudinal survey on
the use of artificial intelligence in human resource management (AIHRM) in Chinese firms, surveying the
executives responsible for HR. The three waves yielded 2,241 firm observations; 487 firms participated in
at least two waves and 154 firms took part in all three. Drawing on systematic cross-wave comparison and
matched-panel analysis, this report traces the full trajectory of ATHRM in Chinese enterprises from first

steps to broad diffusion.

Five findings stand out. First, adoption has risen steadily. The share of firms that have actually deployed Al
in HR rose from 37.3% in November 2024 to 47.9% in May 2026; among the 288 firms that participated in
both the first and third waves, the share rose from 38.5% to 51.0%, indicating that the increase reflects
genuine within-firm conversion rather than shifts in sample composition. Second, application is broad but
shallow. Recruitment, HR administration and work design form the leading tier, yet 86.1% of firms remain
in the exploration or pilot stage and only 2.7% have reached scaled deployment or beyond. Third, what
divides firms is organisational readiness rather than attitude. Latent profile analysis identifies four firm
profiles that differ little in their stated motives but differ sharply in resource and staffing readiness; the age
and professional background of the HR leader predict adoption consistently, and firms whose HR leader
holds an HR-only background show significantly lower gains in adoption across two independent lagged
windows. Fourth, governance lags well behind application. Concern about data privacy and security has
risen sharply to become the single most cited challenge, yet 51% of firms have established no Al
governance measure at all, and even the most widely adopted single measure covers less than three in ten
firms. Fifth, returns are becoming visible but are unevenly distributed. Among firms able to assess returns,
roughly six in ten perceive a moderate or better return on investment, and the human-capital emergence

effect strengthens with each wave.

Building on these findings, the concluding chapter sets out recommendations for executives: shift
investment from spreading across modules to deepening a few, build the governance framework before
scaling rather than after, weigh data literacy and cross-functional experience when appointing HR leaders,

and confront and regulate employee-initiated use of Al
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1.1 Human resource management is becoming a decisive site for AI deployment

Over the past three years generative artificial intelligence has moved rapidly from technical breakthrough
to organisational application. The leap in large language models' capacity for text comprehension, content
generation and multi-turn interaction has, for the first time, allowed Al to intervene directly in managerial
work built on language and judgement — and human resource management is precisely where such work
concentrates. From résumé screening, interview assessment and training content generation to employee
advisory services, performance feedback and organisational diagnosis, almost every element of HR
contains scope for reshaping by Al. A 2023 Gartner survey reported that 76% of HR leaders believed their
organisations would fall behind competitively if they failed to adopt AI solutions within the following one
to two years. Subsequent market developments bear this out: records from the venture database Crunchbase
show that Al-driven HR technology start-ups rebounded markedly over the past two years after an earlier
correction, and the parallel expansion of capital and product supply has created the practical conditions for

firm-level adoption.

Set against this rapid maturing of technological supply, scholarly and practitioner understanding of the
adoption process itself remains limited. Most existing studies rely on single cross-sectional surveys. They
can tell us how many firms were using Al at one point in time, but they cannot answer three more
important questions: how adoption decisions evolve over time, which organisational and individual factors
drive or impede adoption, and what happens inside organisations after adoption. Answering these questions

requires following the same firms across years, and that is the starting point of this survey programme.

1.2 Why Chinese firms warrant dedicated observation

The first reason for focusing on Chinese firms is the absence of an appropriate benchmark. When managers
and researchers discuss levels of Al adoption — and particularly adoption within human resource
management — the percentages they cite come mostly from global surveys published by international
consultancies. Those surveys draw predominantly on North American and European respondents; Chinese
firms typically appear in small numbers, with thin coverage across industries and firm sizes, and the
Chinese sub-sample results are rarely reported separately. Inferring the progress of Chinese firms from such
data may either overstate or understate the true picture, and its value as a reference is questionable. Chinese
firms need benchmark data built on a large domestic sample, measured consistently, and comparable across

years. That need is the most immediate motivation for this survey.

Beyond the benchmark problem, three further considerations argue for a China-specific study. First, China
has the world's largest labour market and an enormous population of firms, so the effects of Al on
employment structure and management practice carry their greatest aggregate weight here; the rapid
diffusion of domestic foundation models around 2025 sharply lowered the barrier to use, giving
organisational diffusion in China a rhythm and a set of pathways distinct from Western markets. Second,
Chinese firms differ widely in their digital foundations: advanced manufacturers and small private firms

are worlds apart in data infrastructure, systems and professional capability, and the introduction of AT is
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layered onto this heterogeneity, so its diffusion cannot be extrapolated directly from developed-market
experience. Third, the institutional environment is distinctive — the regulatory framework for data security
and personal information protection, an ownership structure in which state-owned and private firms
coexist, and active promotion of the AI industry by governments at every level together form an

institutional setting that merits study in its own right.

On these grounds, and with the support of the Guanghua Thought Leadership programme, our team
launched this longitudinal survey in autumn 2024, with the intention of observing AIHRM adoption in
Chinese firms at a frequency of one to two waves per year. This report presents the complete results of the
first three waves, spanning October 2024 to May 2026 — the critical period in which generative Al moved,

among Chinese enterprises, from a subject of conceptual excitement to routine deployment.

1.3 Interpretation and implications

For senior executives and HR leaders, the practical message of this chapter concerns caution in citing data.
When a meeting hears that “an international survey shows X% of firms have adopted Al,” the questions
worth asking are how many Chinese firms were in that sample, how those firms were distributed across
industries and sizes, and whether Chinese results were reported separately. Benchmarks drawn largely from
Western markets can produce either unwarranted anxiety about falling behind or unwarranted
complacency; both distort the allocation of resources. The three time series presented here are intended to
give Chinese firms a domestic reference point of consistent construction and transparent provenance when

setting their own Al agenda.

A second implication concerns urgency. HR has become a dense site of Al application because of the nature
of the work: it runs on language, text and judgement, precisely the region where large language models are
strongest. This means the HR function is unlikely to sit downstream of this wave of technology, waiting for
other departments to demonstrate the way, as it often has before. The more realistic expectation is that HR
will be among the earliest domains where Al is applied and among the earliest to be reshaped by it. That

dual position makes the agenda one that cannot be outsourced and cannot be deferred.
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I 2.1 Survey design and fieldwork

The study combines repeated measurement with fixed-sample tracking. Wave 1 ran from October to
December 2024, with the bulk of responses collected in November, yielding 1,022 valid questionnaires
from executives responsible for HR. Wave 2 was fielded in June 2025 and returned 693 wvalid
questionnaires. Wave 3 was fielded in May 2026 and returned 526. In all three waves, respondents were the
executives actually responsible for the HR function, spanning chief human resources officers, vice-
presidents of HR, HR directors and HR managers. Each firm was represented by a single respondent, and

the firm is the unit of analysis.

To enable cross-wave tracking, the survey used the respondent's email address as the matching key,
establishing firm-level longitudinal links after standardising addresses during data cleaning. Matching
identified 282 firms common to Waves 1 and 2, 225 common to Waves 2 and 3, and 288 common to Waves
1 and 3; 487 firms participated in at least two waves and 154 firms participated in all three. This structure
allows the report to present two kinds of evidence in parallel: the overall picture based on each wave's full
sample, and within-firm change based on the matched panel. Every key conclusion involving comparison
over time has been checked against the matched panel in order to rule out shifts in sample composition.

Exhibit 2-1 summarises the design and the flow of the sample.

Exhibit 2-1
Three survey waves yield 2,241 firm observations; 154 firms tracked across all three
Respondents are the executives responsible for HR (CHRO, VP HR, HR Director, HR Manager)

Wave 1 Wave 2

email match

Oct-Dec 2024 _) June 2025 D ——
n=1,022

Wave 3

email match

May 2026

Cross-wave matching (respondent email as key)

W1 nWw2 W2 n w3 Wi1nw3 =2 waves All 3 waves

282 firms 225 firms 288 firms 487 firms 154 firms

Source: Guanghua School of Management, Peking University — ATHRM Longitudinal Survey (2024-2026)

I 2.2 Measures

The three questionnaires kept their core measures consistent. Adoption status was measured with a single-

choice item distinguishing five states: deployed through in-house development, deployed in partnership
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with an external provider, considering in-house development, considering external partnership, and no
current plans. Wave 3 subdivided the first two states into nine specific implementation routes in order to
characterise the 2026 adoption ecosystem, and these were mapped back onto the five comparable
categories for cross-wave comparison. Breadth of application was measured with multiple-response items
across nine HR modules, each listing seven specific applications; Wave 3 added six options covering
generative and agentic technologies, and cross-wave comparisons again count only the seven applications
present in all three waves. Organisational-level explanatory variables include the strategic importance
placed on ATHRM, attention to Al ethics and governance, technology fit, resource and staffing readiness,
the high-performance work system, industry competitive intensity and the prevalence of AI within the
industry, each formed as a multi-item composite on a five-point scale. Attributed motives distinguish
augmentation logic, substitution logic and external pressure. The questionnaire further measured
implementation challenges, organisational performance, workforce turnover, and an emergence scale
capturing the conversion of individual knowledge into team capability through generative Al. Wave 3
added measures of maturity stage, governance measures in place, perceived return on investment,

perceived performance dispersion, changes in HR team headcount and newly added roles.

Individual characteristics of the HR leader include gender, age, education and professional background,
with background distinguishing those holding an HR-only background from those who also hold a cross-
functional background in engineering, finance, law, marketing, strategy or operations; all were measured in
every wave. Because age and professional background are relatively stable attributes, this report carries
these data across waves within the matched sample, and every exhibit affected by that treatment is

annotated accordingly. Wave 2 additionally measured eight competencies of the HR leader.

2.3 Sample composition

The three waves are highly consistent in industry, ownership and size structure, which provides the basis
for cross-wave comparison. By industry, manufacturing and information technology form the two principal
blocks, followed by wholesale and retail, finance and scientific and technical services; no marked structural
drift appears across waves. By ownership, private firms account for roughly six in ten, with state-owned
and state-controlled, shareholding, and foreign-invested and joint-venture firms making up the remainder.
By size, the sample is dominated by small and medium-sized firms, with large firms of 2,000 or more

employees holding steady at about one in five. Exhibits 2-2 and 2-3 present the distributions.

10
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Exhibit 2-2
Industry composition is stable across waves; manufacturing and IT dominate

Share of firms in each industry (multiple response; top ten industries by Wave 3 share)

Manufacturing EEEE
27%

Wholesale & Retail
14%

Information Technology
13%

Leasing & Business Svcs
9%

Scientific R&D Svcs
6%

Agriculture
6%
Construction
6%
Education
6%

Utilities

5%
Wave 1 Nov 2024
Household Services I Wave 2 Jun 2025

4% HEl Wave 3 May 2026

Source: AIHRM Longitudinal Survey. Industry is a multiple-response item, so shares sum to more than 100%.

Exhibit 2-3
Private firms make up about six in ten; small and mid-sized firms form the sample core

Share of valid responses in each wave

Ownership structure ‘Workforce size (employees)

o 38%
63% Wave 1 Nov 2024 0

[ Wave 2 Jun 2025
EEE Wave 3 May 2026
30%
16% 16%
13% 13%
II I IS% IS%

Private Shareholding  State-owned  Foreign / JV Other <100 100-499 500-1,999 >2,000

Source: ATHRM Longitudinal Survey.
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2.4 Interpretation and implications

Holding the same measures, the same class of respondent and the same unit of analysis across three waves
was intended to produce a time series that can be benchmarked against, rather than three snapshots that
cannot be compared with one another. This point is often neglected in practice: many internal Al stocktakes
change their wording and definitions each year, so that after three years of data collection a firm still cannot
say how far it has moved. We would encourage firms to apply the same principle internally — fix a set of

core indicators for at least three years and confine change to newly added items rather than existing ones.

The stability of the sample structure also carries a caveat about use. This sample is composed largely of
private and small to medium-sized firms, with manufacturing and information technology well represented,
which means the percentages reported here serve better as a reference for comparable firms than as national
census values. HR leaders citing these data should look first at the subgroup closest to their own size and
industry rather than at the overall mean; the subgroup breakdowns provided from Chapter 3 onward exist

for that purpose.

12
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3.1 The three-year trajectory of adoption

The three waves record a clear upward curve. The share of firms that have actually deployed AI in human
resource management rose from 37.3% in November 2024 to 40.5% in June 2025, and then to 47.9% in
May 2026. To rule out the influence of changing sample composition, we compared within the 288 firms
that participated in both the first and third waves: their adoption rate rose from 38.5% to 51.0%, a larger
increase than in the full sample, indicating that the overall rise is driven mainly by genuine conversion

among firms. At the current pace, adopters will constitute a majority within 2026.

AT adoption in HRM has climbed for three years, approaching half of all firms

Adopted = AT deployed in HRM, either developed in-house or with an external provider
47.93%
40.5%
37.3%
Wave 1 Nov 2024 Wave 2 Jun 2025 Wave 3 May 2026

Source: AIHRM Longitudinal Survey (W1 n=1,022; W2 n=693; W3 n=526). Gold line: within-firm change for the 288 firms in both W1 and W3.

3.2 Structural change in modes of adoption

The composition of adoption modes reveals where the growth comes from. In the first wave in 2024,
36.6% of firms reported no plans; by the third wave that share had contracted to 24.1%. Over the same
period the share deploying through in-house development rose from 11.6% to 24.3%, while partnership
with external providers held steady at around a quarter. The continuing contraction of the wait-and-see
camp and the expansion of the in-house camp occurred together, indicating that firms are not only adopting
more but engaging more deeply with technical implementation itself. Firms still in a considering state
account for roughly 28% in total, forming the reserve from which adoption will continue to rise over the

next one to two years.

14
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Exhibit 3-2
The “no plans” camp keeps shrinking; external partnership is the main route in

Composition of AT adoption modes (Wave 3's nine detailed routes mapped to five comparable categories)

Wave 1 Nov 2024 12% 26% { 19% 37% Adopted 37%
Wave 2 Jun 2025 14% 27% 7 22% 31% Adopted 41%
Wave 3 May 2026 24% 24% 7 21% 24% Adopted 48%
EE In-house development B External partnership I Considering in-house Considering partnership No plans
Source: AIHRM Longitudinal Survey

The nine-way breakdown of implementation routes in Wave 3 provides a cross-section of the 2026
adoption ecosystem. Among the 252 adopting firms, in-house routes account for 50.8% in total, comprising
development by an internal technical team, tuning of open-source solutions, and direct calls to large-model
application programming interfaces. Partnership routes account for 49.2%, within which collaboration with
domestic integrated software vendors is the most common, followed by vertical Al tool providers and then
international vendors. The rise of direct API access as a low-threshold route is a notable change observed in
this wave: it allows mid-sized firms without large technical teams to enter the in-house camp at relatively

low cost.

15
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A diversifying ecosystem: domestic SaaS and in-house build run neck and neck

Implementation route among adopters (Wave 3, n=252, share of adopting firms)

In-house technical team 25.0%

Open-source + in-house tuning 13.1%

Direct LLM API calls 12.7%

8.7%

Global technology vendors

25.8%

Domestic integrated SaaS vendors

Vertical Al tool vendors 14.7%

Source: ATHRM Survey Wave 3. Dark bars: in-house routes. Light bars: external partnership routes.

3.3 Maturity: broad but shallow

The quantitative rise in adoption has not yet produced a qualitative change in maturity. Wave 3 introduced a
five-stage self-assessment of application maturity. The results show 50.4% of firms in the exploration stage
of understanding and evaluating technical options and 35.7% in the stage of small-scale piloting, together
86.1%; 11.2% have reached the expansion stage of deployment across multiple modules, while firms at the
scaled-application and deep-integration stages together account for only 2.7%. Placing this distribution
alongside an adoption rate approaching half yields a more accurate reading of the current moment: most
firms have crossed the threshold from nothing to something, but they remain a considerable distance from
having Al genuinely embedded in the HR system. The module-level analysis of breadth and depth in

Chapter 4 reinforces this judgement.
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Exhibit 3-4
Broad but shallow: adoption nears half, yet only 2.7% have reached scale or beyond

Self-assessed maturity of Al application in HRM (Wave 3, n=526)

86.1% still exploring
or piloting

50.4%
35.7%
11.2%
o,
1.9% 0.8%
]
Exploring Piloting Expanding Scaling Fully integrated
assessing options limited trials multi-module core modules covered embedded in the system

Source: AIHRM Survey Wave 3.

I 3.4 Divergence by size and ownership

Adoption shows a stable gradient by firm size. Firms with 2,000 or more employees led significantly in all
three waves, and their lead has not narrowed; adoption among firms with fewer than 100 employees is also
rising, but the gap with large firms remains clear. Differences by ownership are more moderate: private and
shareholding firms adopt at slightly higher rates than state-owned firms, with foreign-invested and joint-
venture firms in between, and all categories trending upward. The persistence of the size gradient suggests
that resources and data foundations remain a hard constraint on adoption — a thread taken up more

systematically in the analysis of drivers in Chapter 5.

17
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Scale advantage persists: firms with 2,000+ employees lead and are still pulling ahead

AT adoption rate (share of firms that have deployed AT in HRM)
By workforce size (employees) By ownership
Wave 1 Nov 2024 2% 7a%
Wave 2 Jun 2025
EEl Wave 3 May 2026
56%
49%
48%
45%
42% 41% |
<100 100-499 500-1,999 >2,000 State-owned Shareholding Private Foreign / JV

Source: ATHRM Longitudinal Survey

3.5 Interpretation and implications

The first judgement conveyed by three years of data is that the window for waiting is closing. With
adoption approaching half and the share of firms reporting no plans having contracted from more than a
third to less than a quarter, Al in HR is moving from the choice of a few front-runners to standard
equipment for the majority. For firms that have not yet started, the question is no longer whether to act but
how to enter and how to avoid repeating mistakes others have already made. Notably, some 28% of firms
remain in a considering state; this group forms the conversion reserve for the next one to two years, which

also means that the current window of first-mover advantage may last no more than that.

The second judgement is that the adoption rate itself is easily misread. Setting the 47.9% adoption rate
beside the 86.1% of firms still exploring or piloting gives a truer picture: most firms have entered the field,
but few have completed a scaled rollout. Two things follow for executives. If your firm has not yet adopted,
catching up is less daunting than the headline rate suggests, because the leaders are not far ahead in
substance. If your firm has adopted, the real competition is not whether you use AI but whether you can be
among the first to move from pilot to scale — the 2.7% are the genuine front-runners. In setting targets,
management should use the maturity stage rather than the binary of adopted or not as the yardstick of

progress.

The third judgement concerns the choice of route. Wave 3 shows in-house and partnership routes split
roughly evenly, with direct API access rising quickly as a new path that lets mid-sized firms join the in-
house camp without building a large technical team. This offers a practical option for resource-constrained
firms: rather than choosing between building a platform and outsourcing wholesale, they can validate value
in a single use case through API access first and then decide whether to invest more deeply. The persistence

of the size gradient deserves equal attention. Adoption among firms with more than 2,000 employees has

18
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reached 72%, and the gap of more than forty percentage points against firms under 100 employees stems
mainly from data foundations and professional capability rather than differences in awareness. The realistic
strategy for smaller firms is to close that foundational gap quickly through mature external services rather

than attempting to replicate the in-house route of large enterprises.
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4.1 Module tiers and their three-year evolution

The average number of applications adopted across the nine HR modules rose in every module over the
three years, while the tier structure remained stable. Recruitment and talent acquisition, HR administration
and work design form the leading tier, followed by training and development and employee involvement,
with performance management, compensation and benefits showing the lowest counts. The three modules
in the leading tier share common features: highly standardised tasks, text-intensive processing and
relatively contained decision risk, which makes them the natural entry point for Al into the organisation.
Compensation and performance, by contrast, bear directly on employees' material interests and on

compliance risk, and firms are visibly more cautious there.

All nine modules advance; recruitment, HR administration and work design lead

Average number of Al applications adopted per module (comparable 07 basis across waves)

Recruitment & talent acquisition 1.98

HR administration 1.82

1.33
1

erk design 8schedulings 1.19
i

111

‘Wave 1 Nov 2024 Wave 2 Jun 2025 ‘Wave 3 May 2026

Source: ATHRM Longitudinal Survey. To keep waves comparable, only the seven applications measured in all three waves are counted

Measured by the share of firms using at least one specific application, recruitment passed the halfway mark
in Wave 3 and is the most penetrated module; administration and work design are also approaching half.
Compensation and benefits have remained at the bottom of the penetration ranking in all three waves,
forming a relative low ground on the application map. The heat map in Exhibit 4-2 presents the full

structure of penetration by module and wave.
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Exhibit 4-2
More than half of firms now use at least one AI application in recruitment

Share of firms using at least one specific Al application in the module

Recruitment & talent acquisition

HR administration

Employee involvement

Training & development

Work design & scheduling

Career development 40%

Compensation 38%
Performance management 36% 41%
Benefits 35% 41%
Wave 1 Nov 2024 ‘Wave 2 Jun 2025 Wave 3 May 2026

Source: AIHRM Longitudinal Survey (comparable basis).

I 4.2 Leading practices and frontier applications by module

Wave 3 listed specific applications for each of the nine modules, and the three most-used practices in each
module together sketch the real composition of AIHRM in Chinese firms in 2026. Recruitment is
dominated overwhelmingly by résumé screening: 62.4% of firms use Al algorithms to screen applications
automatically, the single most penetrated application on the entire list, followed by recruiting chatbots and
digital agents (36.3%) and candidate matching algorithms (28.1%). Leading practices in HR administration
cluster tightly around process automation: leave and attendance management (35.0%), electronic document
management (31.9%) and round-the-clock chatbots (31.2%) run close together. In the employee
involvement module, opinion collection and analysis platforms (36.7%) and employee voting and feedback
systems (30.8%) are used more widely than expected, indicating that AI has entered the channels through
which organisations listen to their employees. Work design is led by workflow automation (26.9%) and
intelligent scheduling (26.7%). In training, adaptive learning systems rank first at 30.6%, while generative
course content creation — newly measured in 2026 — moves straight into second place at 28.9%, the

fastest-spreading of all newly added options.
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Screening, monitoring and process automation head the list in every module

hree most AT applications per module (Wave 3, s of )6 firms; gold wly meas 12026

Recruitment & talent acquisition Training & development

Al résumé screening 62% Adaptive learning system 31%

Recruiting chatbot / digital agent 36% Generative course content creation 29%

Candidate matching algorithm 28% Training chatbot 25%

=
e
2
=
7

Performance management

Automated KPI monitoring _ 21%

Compensation

26%

Pay market analytics

Automated payroll calculation

18%

Compensation budget forecasting

Work design & scheduling

Employee involvement

27%

Workflow automation Opinion collection & analysis

Intelligent scheduling 27% 31%

Employee voting & feedback

Sentiment & engagement analytics 18%

24%ersonalised benefit reccommendation

37% Leave & attendance management

Electronic document management

The Application Landscape Across Nine HR Modules

Career development

Personalised learning platform 27%

Skill assessment & matching 2%

Al career path planning 20%

21%

Benefit satisfaction analytics

19%

Benefit utilisation analysis 17%

HR administration

35%

32%

HR chatbot 31%

Viewed across all nine modules, the leading practices share a common feature: almost every top-ranked
application is a matter of data analysis, screening and matching, or process automation — appraisal
systems and KPI monitoring in performance, market analytics and automated calculation in compensation,
personalised learning platforms and skill matching in career development, satisfaction analytics in benefits.
In other words, the bulk of the current application map consists of having machines handle data and
process, while applications in which Al generates content directly or makes decisions autonomously remain
secondary. This pattern is consistent with the risk logic of technology adoption: firms place Al first where

errors are correctable and accountability is traceable.

To track the penetration of the technological frontier, Wave 3 added measures of six frontier applications
reflecting developments since 2025. Among adopting firms, generative course content creation and Al
interviewers conducting live conversational assessment spread fastest, the latter reaching 23.2% in the full
sample — close to the level of established recruitment practices. Copilot tools embedded in office software
and human-machine task allocation occupy the middle range. Agentic applications in which AI links the
entire recruitment process or orchestrates workflows autonomously remain early, with full-sample
penetration around 8%. Overall, frontier applications of the generative and augmenting kind are diffusing
considerably faster than those involving autonomous decision-making: firms are willing to let AI produce
material and participate in assessment, but are not yet comfortable letting it decide alone. This corroborates

the dominance of augmentation motives discussed in Chapter 6.
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Generative and agentic applications emerge; content generation and Al interviewers move fastest

Six frontier Al applications newly measured in 2026 (Wave 3)

Generative course content creation 37%

36%

Al interviewer (live conversational assessment)

15%

Al copilot embedded in office software

Human-machine task allocation 14%

Al agent orchestrating workflows 12%

1% Il Penetration among adopters

End-to-end autonomous recruiting agent
<> Penetration in full sample

4.3 The relationship between breadth and depth

To characterise application at firm level, we measure breadth by the number of modules using Al and depth
by the mean intensity rating across the nine modules. The two are significantly positively correlated, but
the joint distribution shows most firms clustered in a region of relatively high breadth and middling-to-low
depth: spreading across modules has run ahead of deepening within any one of them. Shading by self-
assessed maturity shows that firms which have genuinely reached the expansion stage or beyond combine
high breadth with high depth, whereas the large number of firms still piloting have touched several

modules while remaining at a preliminary level within each.
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Exhibit 4-5
Breadth outruns depth: firms spread across modules but stay shallow within them

Joint distribution of breadth and depth at firm level (Wave 3, n=526)

Self-assessed maturity
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Breadth: number of HR modules using AI (0-9)

Source: AIHRM Survey Wave 3.

4.4 Module-level application and perceived performance

Correlating the number of applications in each module with firms' subjective performance ratings produces
consistently positive associations across all three waves, with recruitment and training showing the most
stable relationships, statistically significant in every wave. These results should not be read causally —
better-performing firms may simply have more capacity to invest in Al. Still, the differences in strength
across modules are informative: they echo the finding in Chapter 8 that recruitment and administration rank
highest in perceived return on investment, suggesting that at this stage the value of Al is being realised

chiefly in process-efficiency modules.
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Al use correlates positively with perceived performance; recruitment and training most consistently

Correlation between module-level Al use and perceived organisational performance (large dots: p<.05)

Employee involvement
Career development
Benefits

Training & development
Performance management
Work design & scheduling
HR administration

Recruitment & talent acquisition

‘Wave 1 Nov 2024
‘Wave 2 Jun 2025

Compensation
° ® Wave3 May 2026

0.00 0.05 0.10 0.15 0.20 0.25
Correlation with perceived organisational performance (r)

Source: AIHRM Longitudinal Survey. Correlation does not imply causation; performance is self-rated relative to competitors.

4.5 Interpretation and implications

Module-level data yield a practical rule for sequencing investment: the value of Al is realised first where
tasks are standardised, text-intensive and low in decision risk. It is no accident that recruitment, HR
administration and work design lead simultaneously in penetration and in perceived return; what they share
is clear process, high volume and correctable error. Compensation and performance, by contrast, bear
directly on the distribution of rewards and on compliance risk, and firms' caution there is not conservatism
but rational risk pricing. Executives can sequence their roadmaps accordingly: build capability and trust in
the first category of modules and extend gradually into the second, rather than trying to prove the

technology's value in the most sensitive areas first.

The distribution of breadth and depth exposes a common misallocation. Most firms sit in the region of high
breadth and insufficient depth, and this usually arises from an understandable pressure: management wants
to see activity in every module, so resources are spread across nine directions and each remains at the level
of demonstration and trial. Firms that have genuinely reached the expansion stage show the opposite shape
— breadth and depth together in a small number of modules. The concrete recommendation for HR leaders
is to re-examine the current project list: if there are live projects in all nine modules and not one module in
which the process has actually been rebuilt, the sensible move is to narrow the front, concentrate resources
on one or two use cases with demonstrated return, and take those far enough to replace the original process

before talking about replication.
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The penetration pattern of frontier applications offers a third signal. Copilot-style tools embedded in office
software are spreading fastest, while agentic applications that orchestrate processes autonomously remain
early. This ordering follows a general regularity of technology adoption: tools that augment people are
accepted more readily than tools that replace them, because the former leave accountability unchanged.
Executives introducing agentic applications should expect a longer acceptance cycle and more extensive
process redesign, and should treat the definition of accountability boundaries as part of the solution design

rather than as a note appended after launch.
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5.1 Three-year curves in organisational mindset and readiness

The four core indicators in the technology—organisation—environment framework trace a curve that rises
and then falls. The strategic importance placed on ATHRM rose from 2.79 in Wave 1 to 2.88 in Wave 2
before falling back to 2.73 in Wave 3; attention to ethics and governance, technology fit and resource
readiness follow the same shape, with resource readiness consistently the lowest of the four and standing at
2.50 in Wave 3. This collective pullback occurred against a background of continuously rising adoption,
and the divergence deserves careful reading: as actual deployment proceeded, firms' assessments of their
own preparedness shifted from the optimism of the conceptual phase to the caution of the implementation
phase, and the field as a whole entered a more sober stage. Changes in Wave 3 sample composition may

account for part of the decline, but checks against the matched panel show the same direction.

Exh
Enthusiasm rose then cooled: all readiness measures pulled back in Wave 3

Mean scores on the technology—organisation—environment dimensions (1-5 scale)

Ethics and governance commitment 2.80

2.73
Strategic importance placed on Al in HRM 2.73

2.66

Resource and staffing readiness 2.50

Wave 1 Nov 2024 Wave 2 Jun 2025 Wave 3 May 2026

Source: ATHRM Longitudinal Survey.

Comparing adopters with non-adopters locates the crux of the divergence more precisely. Wave 3 data
show significant differences on all six organisational indicators, with the two largest gaps in the strategic
importance placed on ATHRM and in resource and staffing readiness; differences in technology fit and
ethical attention are comparatively small. What separates adopters from observers, in other words, is less a
matter of awareness and attitude than of actual resource commitment and accumulated staff capability. This
finding corroborates the latent profile analysis in Chapter 6 and forms an important basis for the

recommendations in this report.
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The widest gap between adopters and non-adopters is resource readiness, not attitude

Differences in mean scores, Wave 3 (* p<.05, ** p<.01, *** p<.001)

Strategic importance placed on Alin HRM O [ ]
Ethics and governance commitment O )
Technology fit O [ )
Resource and staffing readiness o

High-performance work system O o

@ Adopters
Al prevalence in the industry O [ ] () Non-adopters

25 3.0 3.5 4.0 4.5
Mean score (1-5)

Source: ATHRM Survey Wave 3.

5.2 High-performance work systems and adoption: a relationship that depends on

the frame

The relationship between the high-performance work system and adoption cannot be summarised as simply
positive or negative, because the two statistical framings point in opposite directions. In terms of direct
correlation, all three waves are positive: firms scoring higher on the high-performance work system also
adopt at somewhat higher rates, a fact reflected in the mean advantage of adopters on that dimension in
Exhibit 5-2. This is not hard to understand, since firms with mature systems tend to be larger and better
resourced, and size and resources are themselves positively associated with adoption. However, the team's
regression analyses in the first two waves showed that once firm size, strategic importance and readiness
are controlled, the coefficient on the high-performance work system turns significantly negative. The
divergence between the two framings means the negative relationship is a conditional effect: among
otherwise comparable firms, the more mature the HR system, the lower the marginal propensity to adopt.
One explanation is path dependence — established processes and vested capabilities within a mature
system reduce the relative return to change. In the integrated Wave 3 model this conditional effect remains
negative in direction but is no longer significant (see Exhibit 5-8), suggesting that as tools become more

available and peer demonstration accumulates, the dampening influence of a mature system is weakening.

5.3 Characteristics of the HR leader: age and professional background

There is a stable association between the individual characteristics of the HR leader and the firm's adoption
rate. Grouped by age, the older the HR leader, the lower the adoption rate of the firm, and this gradient runs

in the same direction in all three waves. Grouped by professional background, firms whose HR leader also
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holds a cross-functional background in engineering, finance or strategy consistently adopt at higher rates
than firms whose HR leader holds an HR-only background, with the gap holding at roughly ten percentage

points.

Exhibit 5-4
A robust age gradient: the older the HR leader, the lower the firm's adoption rate

45%
42%

50 and above

AT adoption rate by age group of the HR leader

60%

Under 30 30-39

53%

40-49

Wave 1 Nov 2024 [ Wave 2 Jun 2025 EE Wave 3 May 2026

Source: ATHRM Longitudinal Survey. Wave 2 collected demographics only from new participants; returning respondents' data carried across matched waves.
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Exhibit 5-5
Firms led by cross-functional HR leaders stay roughly ten points ahead on adoption

Al adoption rate by professional background of the HR leader

51%

Wave 1 Nov 2024
[ Wave 2 Jun 2025
EEl Wave 3 May 2026

41%

HR background only Cross-functional background
(engineering, finance, strategy, etc.)

Source: ATHRM Longitudinal Survey. Cross-functional = holds any background outside HR (engineering, finance, legal, marketing, strategy or operations).

Crossing age with background produces a more textured picture. Comparing four groups in the pooled
three-wave sample, firms whose HR leader is under forty and holds a cross-functional background adopt at
48.6%, the highest of the four; firms whose leader is under forty with an HR-only background adopt at
33.7%, the lowest of the four; the two groups aged forty and above fall in between and close to one another.
Logistic regression confirms that the main effects of age and background and their interaction are all
statistically significant. The interaction means that the adoption advantage conferred by a cross-functional
background is concentrated among younger leaders and largely disappears among older ones. One reading
is that leaders who are both young and cross-functional combine appetite for change with cross-domain
knowledge, making them the most active force behind the AI agenda inside the organisation, while the
limitations of a single-track professional path show up most clearly among the younger managers for whom

cross-domain judgement matters most.
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Young, cross-functional HR leaders drive adoption hardest — a 15-point spread

Al adoption rate by HR leader age x professional background (three waves pooled)

Under 40 x Cross-functional Under 40 x HR only

48.6% 33.7%

n =630 n =291

40 and above x Cross-functional 40 and above x HR only
38.1% 38.5%
n =811 n =213

Source: AIHRM Longitudinal Survey, pooled sample. Logistic regression: age, background and their interaction are all significant (p<.01)

5.4 Lagged tests: replication across two time windows

Cross-sectional associations cannot rule out reverse causation or omitted variables, so we exploit the
longitudinal design to run lagged tests. The first window uses firms matched across Waves 1 and 2,
examining how leader characteristics predict Wave 2 adoption after controlling for Wave 1 adoption. The
team's earlier analysis found a coefficient of —0.36 for an HR-only background, 0.34 for the leader's data
and technology literacy, and 0.36 for culture and change leadership, all significant. This report constructs a
second, independent window from firms matched across Waves 2 and 3. Controlling for Wave 2 adoption,
firm size and the high-performance work system, the standardised coefficient of an HR-only background
on Wave 3 adoption is —0.16, significant at the .001 level and fully consistent with the first window. The
coefficient on data and technology literacy is positive in direction but not significant, and culture and
change leadership is close to zero. Taken together, the dampening effect of professional background is the
most robust of the leader characteristics, replicating across two years and two different sets of firms; the
predictive power of the competency dimensions awaits confirmation from a longer observation window

and a larger matched sample.
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Exhibit 5-7
The HR-only penalty replicates across two independent time windows

Standardised coefficients predicting next-wave adoption, controlling for prior adoption

-0.36*
HR-only professional background

0.34*
Data & technology literacy

0.36*
Culture & change leadership

. Window 1: 2024 - 2025 (W1 - W2, n=308) -0.05 n.s.
Il Window 2: 2025 - 2026 (W2 - W3, n=181)

Source: ATHRM matched panel. Window 1 from the team's carlier analysis; Window 2 new to this report, controlling for firm size and HPWS. 1 p<.10, * p<.05, ** p<.01, *** p<.001

I 5.5 The integrated model: direct effects and transmission paths

Entering organisational factors and leader characteristics together in a Wave 3 logistic regression shows
their relative strength. The strategic importance placed on AIHRM and resource readiness carry the largest
odds ratios: a one standard deviation increase raises the odds of adoption by roughly 79% and 67%
respectively. Firm size and the prevalence of Al within the industry follow, both significant. The age and
professional background of the HR leader are no longer significant once organisational variables enter.
Combined with the robust background effect in the lagged tests above, an interpretation consistent with the
data is that leader characteristics act on adoption largely through organisational states: a young, cross-
functional leader raises the organisation's strategic commitment to Al and its resource investment, and
thereby drives adoption indirectly, with the organisational variables in the cross-sectional model absorbing
that indirect path. Rigorous testing of this mechanism requires a longer panel, but the present evidence
already supports one managerial judgement: changing the organisation's state of readiness is the practical

lever through which an HR leader influences the course of adoption.
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I
Strategic importance, readiness, size and industry conditions drive adoption directly

Logistic regression of Al adoption (Wave 3, n=515; continuous predictors standardised)

Strategic importance of Al O OR=1.79%**

Resource & staffing readiness O OR=1.67**

Al prevalence in industry O OR=1.44**

Firm size (In employees) O OR=1.43**

OR=0.90

®

State-owned enterprise

OR=0.89

HR leader: HR-only background L 4

OR=0.83

High-performance work system . 4

OR=0.82

HR leader aged 40+ 2

1
6x 1071 100 2% 100
Odds ratio (log scale; OR>1 raises the probability of adoption)

5.6 Interpretation and implications

The central finding of this chapter is that the gap between adopters and observers lies mainly in resource
readiness rather than in awareness or attitude. This means HR leaders seeking support from senior
management need to shift the emphasis of their argument. In most firms, executives do not need to be
persuaded again that Al matters; disagreement about its importance is far smaller than disagreement about
resource commitment. The more effective proposal is not another recital of the trend but a clear statement
of the specific shortfalls in readiness — the availability of data, the degree to which systems can be
connected, the technical understanding within the team, and the dedicated headcount available — with the
cost and time required to close each one. With mean readiness at just 2.50 in Wave 3, the lowest of the four
indicators, this is not an issue for particular firms but a shared weakness across the field: whoever closes

the gap first gains a substantive head start.

The weakening of the conditional negative effect of the high-performance work system in Wave 3 matters
particularly for firms with mature systems. Regressions in the first two waves suggested that among firms
comparable in size and resources, the more mature the HR system, the lower the marginal propensity to
advance Al, with path dependence a reasonable explanation; by Wave 3 that effect is no longer significant.
For such firms this is a signal that they can re-enter: the very standardisation of their existing processes is
turning from an obstacle into an asset, because standardised processes and accumulated data are precisely

the preconditions for applying Al. Their earlier hesitation had its logic; continued hesitation has less.

Findings about the individual characteristics of HR leaders need to be used carefully and honestly. The data
show that firms led by younger, cross-functional HR leaders adopt at significantly higher rates, and that

firms whose leader holds an HR-only background show lower gains in adoption across two independent
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time windows. The correct use of this conclusion is not to turn it into an age label in staffing decisions: age
is not itself a capability, and background differences largely disappear within the group aged forty and
above. The more reasonable reading is that these individual characteristics mark the availability of cross-
domain knowledge and of experience in driving change — both of which can be acquired through
appointment and development. The recommendation to firms is therefore twofold. In appointment, weigh
data literacy and cross-functional experience when selecting HR leaders. In development, provide
incumbent leaders with systematic training in technical understanding and data analysis, and bring
members with technical backgrounds into the HR team so that the knowledge structure of the team
compensates for the limits of any individual's background. For HR leaders themselves the data carry a
direct message: technical and data capability is no longer a bonus qualification but part of the basic

equipment of the role.

That leader characteristics lose significance once organisational variables are controlled should not be read
as evidence that the leader does not matter, but as clarification of the path through which the leader matters.
Leaders do not determine adoption directly through personal preference; they shape it by raising the
organisation's strategic commitment to Al, securing resources and pushing preparatory work forward. That
is precisely an actionable path: changing the organisation's state of readiness is the most realistic lever an
HR leader holds.
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6.1 Three motives cool in parallel

Firms' motives for adopting AI fall into three categories: an augmentation logic centred on raising
efficiency and improving the employee experience, a substitution logic centred on replacing labour and
compressing cost, and external pressure to follow industry trends. Across the three waves the means of all
three fall together while their ordering holds, with augmentation consistently first. This general cooling of
attributed motives is part of the same phenomenon as the pullback in readiness observed in Chapter 5: the
high expectations of the conceptual phase are giving way to the sober assessment of the implementation
phase, and firms' answers to why they use Al have become more restrained and more practical. Substitution
motives show no relative rise, indicating that — at least at the level of what HR leaders report — cost
substitution has not become the dominant motive. The tension between this and the contraction in

headcount observed in Chapter 8 is taken up in the concluding chapter.

hibit 6-1
All three motives cool in parallel; augmentation logic remains dominant

Mean attributed motives for adopting Al in HRM (1-5 scale)

3.72
3.71

o—
3.52
- 50
Augmentation (efficiency + employee experience)
38
Automation (cost reduction + labour substitution)
Wave 1 Nov 2024 Wave 2 Jun 2025 Wave 3 May 2026

Source: ATHRM Longitudinal Survey

6.2 Identifying four firm profiles

To move beyond single-variable description, we conducted a latent profile analysis on the 2,238 pooled
firm observations, using as inputs the four state indicators — strategic importance, ethical attention,
technology fit and resource readiness — together with the three motive indicators, estimated with a
Gaussian mixture model. Balancing model fit against interpretability, a four-profile solution was adopted.

The first profile scores high on every state indicator, accounts for 26% of the sample and adopts at 70%; we
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term these the front-runners. The second scores moderately high across indicators, accounts for 33% and
adopts at 47%: the active movers. The third scores moderately low, accounts for 31% and adopts at 21%:
the cautious observers. The fourth sits near the bottom of the scale on state indicators, accounts for 10%

and adopts at just 6%: those not yet started.

The discriminating structure of the profiles reveals a crucial fact: differences among the four groups on the
motive dimensions are far smaller than their differences on the state dimensions. Cautious observers
endorse the augmentation logic as well, and their motive scores are not far from those of the front-runners;
what genuinely separates them is resource readiness and strategic commitment. This means Chinese firms
have converged close to consensus on whether Al should be embraced, and that divergence occurs in
whether the corresponding resources and capabilities can be assembled. The bottleneck in adoption is a

problem of execution, not of awareness.

Four latent profiles: firms diverge on readiness, not on motivation

Profile means on seven dimensions (Gaussian mixture model, three waves pooled, n=2,238)

5 Attitude and readiness: profiles separate sharply Motives: differences narrow

—
3
2
=@= Front-runners (26% of firms, 70% adopted)
=@=Active movers (33% of firms, 47% adopted)
~@— Cautious observers (31% of firms, 21% adopted)
1 Not yet started (10% of firms, 6% adopted)
Strategic Ethics Technology Resource Augmentation Automation External
importance commitment it readiness motive motive pressure

Source: AIHRM Longitudinal Survey. Model estimated on standardised variables; original scale means shown.

The profile structure is highly stable across waves, with the share of each type moving by no more than
three percentage points, indicating that this classification captures relatively durable positional differences
among firms. The gradient on the outcome dimensions, by contrast, is steep: from those not yet started to
the front-runners, both subjective performance and human-capital emergence rise step by step, with the
front-runners significantly ahead on both. The profiles can therefore serve as a compact diagnostic
framework: a firm can locate itself against the four sets of characteristics and direct its catch-up effort at the

weakest state indicators.

39



Artificial Intelligence-Enabled Human Resource Management Chapter 6 - Motives and Firm Profiles: Divergence in Readiness, Not in Motivation

Exhibit 6-3
Profile structure holds steady across waves, but the outcome gradient is steep

Profile composition by wave Profiles and organisational outcomes (1-5)
365 362

I Perceived performance
10% 9% 1% W Human-capital emergence

3.06

N Front-run
W Active m
W Cautious

Not yet st

Wave 1 Wave 2 Wave 3 Front-runners Active movers ~ Cautious observers ~ Not yet started

urce: AIHRM Longitudinal Survey

I 6.3 Interpretation and implications

The discriminating structure of the four profiles yields a counter-intuitive but important conclusion:
Chinese firms have converged close to consensus on why AI should be used, and cautious observers
endorse the augmentation logic almost as strongly as front-runners do. Divergence occurs in whether
resources and capabilities can be assembled. It follows that internal debate about Al, if still conducted at
the level of principle, is largely solving a problem that no longer exists. The agenda for management

meetings should move from whether to act to what is missing, who will close it, and by when.

The profile framework can be used directly as a self-diagnostic. An HR leader can locate the firm against
the dimensional scores of the four types. If all state indicators are moderately low while motive scores are
not, the firm is a typical cautious observer: the shortfall lies in preparation rather than willingness, and the
remedy is to concentrate resources on closing gaps in data and staffing rather than continuing to conduct
feasibility studies. If state indicators are moderately high, the firm is an active mover, and its risk is stalling
at the pilot stage; the remedy is to select a use case, take it deep, and put a quantifiable evaluation
mechanism in place. If the firm is already a front-runner, the real challenge shifts to governance and

organisational fairness — precisely the subjects of Chapters 7 and 8.

The high stability of the profile structure over three years is itself a reason for managerial vigilance. It
indicates that a firm's relative position in this distribution is sticky: laggards do not catch up automatically
as the field as a whole advances, and changing position requires deliberate, structural investment. Against
this, the outcome gradient is steep, with performance and emergence rising step by step from the not-yet-
started group to the front-runners. Stickiness of position combined with a steep outcome gradient points to

a practical judgement: the window for catching up exists, but it does not open by itself.
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7.1 How implementation challenges have shifted

Tracking implementation challenges shows a structural shift in the list of difficulties firms face. Mentions
of data privacy and security rose from 47.3% in Wave 1 to 61.8% in Wave 3, an increase of nearly fifteen
percentage points and the largest of any challenge. Mentions of algorithmic bias and fairness rose from
30.8% to 37.1%, and data quality from 22.0% to 26.6%. Over the same period, mentions of implementation
and maintenance cost fell from 37.4% to 30.8%, and mentions of the skills gap also declined. This pattern
of rises and falls describes a clear transition between phases: as tool prices fall and experience accumulates,
entry barriers of cost and skill are easing, while endogenous risks that grow as application deepens —

privacy, bias and data quality — are becoming firms' principal concerns.

Data privacy jumps to the top; cost and skills concerns recede

Share of firms citing each challenge: Wave 1 vs Wave 3 (red = up >2 pp, green = down >2 pp)

Ol Daata privacy & security 62% (+15 pp)
O——@ Algorithmic bias & fairness 37% (+6 pp)
O@ Technology maturity 36% (+1 pp)
O-@ Transparency & explainability 32% (+1 pp)
@——0 Implementation & maintenance cost 31% (-7 pp)
Q=@ Data quality 27% (+5 pp)
@D System integration difficulty 26% (-1 pp)
@—O Employee trust & acceptance 25% (-3 pp)
@O Culture & managerial resistance 24% (-1 pp)
@-O Accuracy of performance assessment 23% (-2 pp)
O-@ Model maintenance & updating 20% (+2 pp)
O—@ Ethics & compliance 20% (+2 pp)

. . ©  Wave 1 (Nov 2024)
@—O Skillsgap 17% (-4 pp) @ Wave 3 (May 2026)

Source: AIHRM Survey Waves 1 and 3 (multiple response). pp = percentage points

7.2 The lag in governance

In sharp contrast to rising risk awareness stands a widespread absence of governance. Wave 3 listed ten
common Al governance measures; 51% of firms had established none of them. Even employee Al training,
the most widely implemented measure, is in place at only 28.1% of firms; formal use policies cover 21.5%;

12.5% have established a dedicated steering committee or decision body; and ethics review and bias testing
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cover less than 3%. Setting the chapter's two findings side by side reveals an obvious gap: firms know
clearly where the risks lie, yet most have not translated that awareness into institutional arrangements.
Given that 86% of firms remain in the exploration or pilot stage, there is still a window for building

governance — but the window will close quickly as application scales.

Exhibit 7-2
A governance vacuum: over half of firms have no AI governance measure in place

Share of firms with each governance measure established (Wave 3, n=526, multiple response)

28%

Employee Al training / onboarding

21%

Formal AT use policy

Al steering committee 13%

10%

Policy separating corporate and personal Al tools
Vendor risk assessment 9%
9%

Monitoring & audit mechanism

1P rules for Al-generated content 9%

6%

Data retention & deletion rules

Rules on ownership of AT output 4%

20 No governance measure at all: 51%

Ethics review / bias testing

Source: ATHRM Survey Wave

I 7.3 Interpretation and implications

The shift in ATHRM implementation challenges provides executives with an updated risk register. Falling
mentions of cost and skills indicate that the barrier to entry is genuinely coming down, while rising concern
about data privacy, algorithmic bias and data quality identifies risks that share a common property: they
grow as application deepens, and they are endogenous to use. The managerial implication is that the risk
assessment for an Al project cannot simply carry over the list drawn up at approval. What firms worry
about during pilots is whether they can afford the tool and whether people can use it; what determines
success once deployment scales is whether the data can be used, whether results can be explained, and who
is accountable. HR leaders should initiate a deliberate reassessment of the risk register at the point where a

project moves from pilot to rollout.

The gap revealed by the governance data is more urgent still. More than six in ten firms name data privacy
as their leading challenge, yet 51% have no governance measure of any kind, the most widely adopted
measure reaches only 28.1%, and ethics review and bias testing sit below 3%. This fissure between risk
awareness and institutional arrangement is the clearest managerial shortfall observed in this study. It bears
emphasis that this is not an issue that can be deferred: the cost of establishing governance during the pilot

phase is far lower than after scaling, and once Al is embedded in the formal processes of recruitment
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screening or performance appraisal, retrofitting review mechanisms means overturning established

processes and confronting compliance consequences that may already have occurred.

The concrete recommendation for HR leaders is to treat governance as a precondition for scaling rather
than a parallel option, beginning with the measures that cost least and generate least controversy. First, a
clear use policy defining which situations permit AI use and which decisions must retain human review.
Second, a definition of data boundaries specifying which employee data may enter models, how long it is
retained and how it is destroyed. Third, training for users, currently the most widely adopted measure and
the easiest to advance. Fourth, bias-testing mechanisms for high-risk uses such as recruitment and
performance. With 86% of firms still exploring or piloting, this window is precisely the best moment to

establish a governance framework, and the cheapest — but it will close quickly as application scales.
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8.1 Human-capital emergence continues to strengthen

Against a background in which most attitudinal indicators pulled back, the emergence scale — which
measures the extent to which generative Al converts individual knowledge and skill into collective team
capability — is one of the few indicators to rise wave on wave, with the full-sample mean climbing from
2.62 in Wave 1 to 2.81 in Wave 3. Adopters score significantly higher than non-adopters in all three waves,
and the gap between them has not narrowed. The steady rise in emergence sends a signal different from the
sentiment indicators: within organisations actually using Al, gains in individual capability are settling into
capability at the team level — precisely the step through which, in human capital theory, technological

investment becomes organisational capability.

Human-capital emergence strengthens wave on wave — a rare consistently rising outcome

Eight-item scale: generative Al converting individual knowledge into team capability (1-5)

O— 3.17

=@— Adopters
Non-adopters
Full sample

Wave 1 Nov 2024 Wave 2 Jun 2025 Wave 3 May 2026

Source: AITHRM Longitudinal Survey.

8.2 Return on investment: early realisation within an observation period

Direct measurement of return on investment in Wave 3 shows that assessment remains in an observation
period: 41.1% of firms consider it too early to draw conclusions. Among firms able to make an assessment,
roughly six in ten perceive a moderate or better return, and very few report no return at all. By function,
recruitment and talent acquisition and HR administration are named by the most firms as the areas of
highest return, overlapping closely with the leading tier of module penetration in Chapter 4. The path to
realising returns is thus visible: Al first produces perceptible efficiency gains where processes are dense
and tasks standardised, while in judgement-intensive areas such as performance and compensation the

validation of value still requires time.
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Exhibit 8-2

Returns enter an observation period: four in ten say it is too early to judge

Perceived overall ROI (62% of those able to assess report moderate or better) HR functions with the highest ROI (up to three selections)
No return at all l 3%
Performance management _ 38%
Slight 20%
HR administration _ 27%
Work design & scheduling _ 2%
Considerable - 9%

Carcer development [N 12%
Employee involvement [JIN 9%
2% Benefits . 6%

Substantial 4%

Very substantial

Source: ATHRM Survey Wave 3 (n=52€

I 8.3 The widening performance gap

The benefits of Al are not evenly distributed across employees. Wave 3 asked whether firms had observed
Al widening the gap between high and average performers; 41.4% answered affirmatively to some degree,
with about one in ten reporting that the gap had widened clearly or substantially. This observation runs in
the same direction as recent scholarly discussion of generative tools amplifying returns to ability:
employees adept at working with the tools gain greater output leverage. For executives this is at once a new
signal for identifying high-potential talent and a new problem of fairness management. Allowing the gap to

widen unchecked risks eroding both collaboration and the perceived internal fairness of the reward system.

47



Artificial Intelligence-Enabled Human Resource Management Chapter 8 - Organisational Consequences: Returns, Gaps and Restructuring

Exhibit 8-3
Al is amplifying the star-employee premium: nearly half see a widening gap

“Has Al use widened the gap between your top and average performers?” (Wave 3, n=526)

41% of firms report that AI has widened the gap between top and average performers

Somewhat widened Clearly widen Too early to tell
30% 9% 31%

Source: ATHRM Survey Wave 3.

I 8.4 The HR function restructures itself

Al is changing not only the objects of human resource management but the function itself. Over the past
twelve months, 30.2% of firms reduced HR team headcount overall, 25.1% restructured while holding
headcount constant, and only 6.8% increased it. Running alongside contraction is renewal of roles: data
analysts are the role most frequently added or strengthened, and new positions such as Al product manager
and human—machine process designer are beginning to appear. Comparing identical items across Waves 2
and 3 shows across-the-board increases in the share of firms eliminating existing positions, redefining job
duties, and launching reskilling and redeployment programmes: structural adjustment is accelerating. The
parallel movement of contraction and renewal indicates that what the HR function is undergoing is not

simple downsizing but a substitution in the composition of skills.
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Exhibit 8-4
Contraction and renewal run together: teams shrink while data roles are added

Change in HR team headcount, past 12 months Roles added or strengthened (no new role: 65%)

18%

No marked change 37% Data analyst / HR data scientist

Al product manager (HR)
Headcount reduced 30%
Human-machine process designer
Restructured, size unchanged _ 25%
Al trainer / annotator
Headcount increased - 7%
Employee experience designer (Al)

Uncertain 1% Al ethics & compliance officer

17%

10%

9%

7%

4%

Source: ATHRM Survey Wave 3 (n=526).

Exhibit 8-5
Structural adjustment accelerates: redefined roles and reskilling lead the way

Share of firms making each HR structural adjustment in the past six months

.

Eliminated some existing positions
37%

Added technical positions
14%

Added human-machine collaboration roles
9%

Redefined job duties / requirements

'S
]
ES

Merged or streamlined departments

8
=

Launched reskilling or redepl 179%
b

.‘

No structural adjustment yet B Wave 2 (Jun 2025)

I Wave 3 (May 2026)

27%

Source: AIHRM Survey Waves 2 and 3 (multiple response).

I 8.5 Depth of application and organisational outcomes

Regressions using total Al applications as the explanatory variable, controlling for firm size, the high-
performance work system, industry competition and ownership, show that firms with deeper application
report higher human-capital emergence and higher subjective performance, both coefficients significant. At
the same time, total application is also significantly positively associated with employee turnover,
voluntary departures and workforce reductions. The coexistence of positive outcomes and higher workforce

churn is consistent with the team's earlier conclusion from two waves of matched data: the effect of Al in
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reducing headcount appears relatively quickly, while its effect on performance requires longer to verify.
Cross-sectional data cannot establish the direction of causation — accelerated churn may be a consequence
of application, or may be intertwined with concurrent organisational adjustment — but the simultaneous
rise of both categories of indicator is enough to remind executives that implementing Al is also a workforce

transition requiring active management.

hibit 8-6
Deeper Al use goes with stronger capability emergence — and with higher workforce churn

Association between total Al use and organisational outcomes (Wave 3 cross-section, 95% CI)

Perceived organisational performance e e $=0.07*  (n=526)

Human-capital emergence —_—— (=038 (n=526)

B=-0.07 ns. (n=524)

®

Average turnover rate

B=-0.03 ns. (n=526)

Voluntary departures, 6 months (In)

Layoffs / workforce reduction, 6 months (In) —t . $=0.02 5. (n=526)

-0.1 0.0 0.1 0.2 0.3 0.4
Standardised coefficient on total Al use (controls: size, HPWS, industry competition, ownership)

8.6 Interpretation and implications

The data in this chapter show that the benefits and the costs of Al arrive together. On one side, emergence
strengthens wave on wave, roughly six in ten firms able to assess returns perceive a moderate or better
return, and the value of efficiency-oriented modules is being realised. On the other, firms with deeper
application show higher workforce churn, three in ten have contracted their HR teams, and four in ten
observe a widening performance gap among employees. Executives who prepare to capture the former
without preparing to manage the latter will find the organisational costs of transition appearing as attrition

and damaged morale.

The state of return assessment points to a second managerial lesson. That 41.1% of firms consider it too
early to judge is itself a signal: most firms did not establish measurement standards when they committed
to Al Rather than asking after the fact what the return was, HR leaders would do better to fix baselines and
definitions at approval — time and cost per hire, staff hours consumed by administrative work, first-contact
resolution rates for employee queries. The concentration of perceived returns in recruitment and HR
administration is instructive here: metrics in these two areas are the easiest to quantify and therefore the
easiest to perceive as returns. Choosing measurable use cases first is itself a strategy for making the

transition sustainable.

The widening performance gap is this chapter's most direct challenge to management. That 41.4% of firms

observe Al amplifying the gap between high and average performers is both a new signal for identifying
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potential and a new source of pressure on internal fairness. If the gap stems from unequal access to tools,
the remedy is broader provision; if it stems from differences in the ability to use them, the remedy is
training; if it stems from differences in how amenable particular tasks are to Al, then the evaluation system
needs correction so that a technological dividend is not misread as individual capability. The risk of
allowing the gap to widen unchecked is that it erodes both the willingness to collaborate and the perceived

internal fairness of the reward system.

The restructuring of the HR function requires leaders to confront a question about their own position.
Contraction in headcount and renewal of roles are occurring together, with data analysts the most common
addition, which indicates that the function is undergoing not simple downsizing but a substitution in the
composition of skills. The recommendation for incumbent teams is to begin a skills audit early: identify
which work will be absorbed by tools, which capabilities need strengthening, and what transition paths
exist for current members, and plan reskilling and redeployment as part of the deployment programme
alongside technology investment rather than as an afterthought once reductions have been decided. The HR
function occupies a particular position in this transition — it is both the designer of the change and its

object — and that dual role means the whole company will watch how it handles the task.
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9.1 Representativeness of the panel

The 154 firms that took part in all three waves are the most valuable asset of this study: three consecutive
observations of the same firms allow change in the environment to be separated from change within firms.
Using a panel for inference presupposes representativeness, so we compared panel firms against the full
Wave 1 sample on baseline characteristics item by item. The two are closely aligned on adoption rate,
workforce size, ownership composition, the strategic importance placed on AIHRM, resource readiness and
performance, with no statistically significant differences detected. The panel therefore shows no marked

self-selection bias, and its conclusions have a basis for extrapolation to the wider population.

The 154 continuously tracked firms closely resemble the full sample

Baseline characteristics, panel vs full Wave 1 sample (bars normalised to the larger value in each pair)

AT adoption rate
37.0%

206
Median workforce size

n
S
~

63.1%

Share of private firms
64.3%

Resource readiness

Perceived performance

e . -/

B Wave 1 full sample (n=1,022) B Three-wave panel (n=154)

Source: AIHRM Longitudinal Survey. No statistically significant differences were found.

9.2 Wave-to-wave migration in adoption status

Classifying panel firms as adopted, considering, or no plans, we traced their migration wave by wave.
Adopters rose from 57 firms in Wave 1 to 67 in Wave 2 and 70 in Wave 3, while firms with no plans fell
from 57 to 36. Across the two intervals there were 48 transitions into adoption from the considering or no-
plans states, against 35 movements in the opposite direction. Migration shows a clear net inflow, but exit is
not rare: roughly two exits accompany every three entries, indicating that early adoption at some firms was
exploratory and that they retrenched after testing it in practice. This detail corrects any impression of
diffusion as a smooth one-way process: beneath the steady rise of the aggregate curve lies active trial and

error at firm level.
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Three years of migration among 154 firms: movement runs overwhelmingly toward adoption

Wave-to-wave transitions in adoption status (Sankey diagram)

Wave 1 Nov 2024 Wave 2 Jun 2025 ‘Wave 3 May 2026

Adopted
57 Adopted Adopted
67 70
Considering
40
Considering
40 Considering
48
No plans
57 No plans
47 No plans
36

Gold flows = moves toward adoption. Across the two intervals there were 48 entries into adoption and 35 exits — net movement is clearly inward.

Source: AIHRM three-wave panel (n=154).

9.3 Trajectories of core indicators among the same firms

Within-firm paired tests provide the most rigorous confirmation of the overall trend. Among the 154 firms,
the total number of AI applications rose from an average of 8.2 in Wave 1 to 11.3 in Wave 3, and mean
emergence rose from 2.57 to 2.91, both increases significant at the .001 level; the adoption rate rose from
37% to 45%, an increase that is marginally significant given the size of the panel. The plateauing of total
applications at a high level between Waves 2 and 3 also deserves attention: it corroborates the pullback in
readiness observed in Chapter 5, suggesting that the fastest phase of expansion may have passed and that

firms are shifting from adding applications to absorbing and deepening those they have.
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hibit 9-
The same firms, three years on: adoption, application count and emergence all rise

Within-firm change among the three-wave panel (n=154)

Adoption rate (%) Total AI applications Human-capital emergence (1-5)
45.5 11.7 29
113 . 29
43.5
2.
37. 8..
Wi w2 w3 w1 w2 w3 w1 w2 w3

9.4 From watching to doing: which firms converted

The panel design allows a forward-looking question: among firms that had not adopted in 2024, which
characteristics foreshadowed implementation two years later? A logistic regression on the 93 panel firms
that had not adopted in Wave 1 shows a two-year conversion rate of 32.3%. Wave 1 resource readiness and
firm size show directional advantages — an odds ratio of 1.88 per standard deviation of readiness and 1.53
for size — but given the sample size these fall respectively outside and at the margin of statistical
significance, and no other variable shows predictive power. The prudent reading is that early resource
preparation may constitute a precondition for later conversion, but the test based on 93 firms has limited

power, and confirmation awaits a fourth wave with an expanded panel.
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From watching to doing: early readiness and size point the way, though not decisively

Conversion among panel firms that had not adopted in Wave 1 (n=93; 32% converted)

W1 resource readiness O OR=1.88

Firm size (In) @ OR=1.53f

‘W1 strategic importance of Al < OR=1.13

W1 high-performance work system @ OR=0.90

HR leader aged 40+ O : OR=0.77

‘W1 technology fit > OR=0.74

HR leader: HR-only background O L OR=0.71

Co0
Odds of having adopted by 2026, predicted from 2024 characteristics (log scale)

Source: AIHRM three-wave panel. T p<.10. Readiness OR=1.88 (p=.13); size OR=1.53 (p=.08).

9.5 Interpretation and implications

The value of panel data is that it removes the confound of sample turnover and lets executives see genuine
change within the same set of firms. Three conclusions carry direct relevance. First, the broad direction of
transition is unmistakable: migration among the three adoption states shows a clear net inflow, and the no-
plans camp contracted from 57 firms to 36. Second, the transition is not smooth: 48 entries were
accompanied by 35 exits, roughly two exits for every three entries, indicating that early adoption at a
substantial share of firms was exploratory and that they narrowed their front after testing it. This detail is
both a caution and a reassurance for executives: withdrawing from a pilot that does not hold up is not
failure but a normal feature of diffusion. The real failure is to neither deepen nor withdraw in the absence

of an evaluation mechanism, leaving projects suspended and consuming resources.

Third, total applications among the same firms plateaued at a high level between Waves 2 and 3 rather than
continuing to expand rapidly. Combined with the pullback in readiness observed in Chapter 5, a reasonable
judgement is that the dividends of the spreading phase have largely been harvested and that competition in
the next phase will occur in absorption and deepening. For firms that have completed initial deployment,
the marginal return to adding further applications is falling; taking existing applications deep enough to

replace the original process is now the more valuable direction of investment.

Although the conversion analysis does not reach statistical significance given the sample size, its direction
is still worth noting: firms with higher resource readiness and larger size in 2024 were more likely to have
adopted two years later, while the strategic importance they placed on Al at the time and their technology
fit showed no predictive power. Should this direction be confirmed in later waves, the managerial

implication would be clear — what determines whether a firm moves from watching to doing is whether it
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was quietly laying foundations two years earlier, not how enthusiastically it spoke at the time. For firms
still watching, this points to a concrete action: even if application is not yet under way, preparatory work on

data governance, system connectivity and staff capability should begin now, because these are the real

preconditions for later conversion.
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10.1 What three years of observation establish

The three waves support the following conclusions. AITHRM adoption among Chinese firms has moved
past the early novelty stage: an adoption rate approaching half, the continuing contraction of the wait-and-
see camp, and genuine conversion within the matched panel together indicate that the entry of AI into
human resource management is now an irreversible trend. Yet the distribution of maturity shows this is a
transformation that has only just entered deep water — fewer than 3% of firms have reached scale or deep
integration, and breadth of application runs well ahead of depth. On drivers, disagreement at the level of
awareness and motive is now small, resource readiness has become the variable that separates firms, and
the professional background of the HR leader shows a robust effect on gains in adoption across two
independent time windows, most likely transmitted through the organisation's state of readiness. On
consequences, returns in efficiency-oriented modules are beginning to materialise and human-capital
emergence continues to strengthen, but a widening performance gap, accelerating workforce churn and the
contraction and restructuring of the HR function itself are occurring alongside them: benefits and costs
arrive together. On institutions, governance lags markedly behind application — risk awareness has clearly

risen, yet more than half of firms still have no governance arrangement of any kind.

10.2 Recommendations for executives

First, shift the centre of gravity from spreading to deepening. The data show breadth near its ceiling while
depth remains generally insufficient, and returns concentrated in a few modules. Rather than distributing
effort evenly across nine modules, firms would do better to select use cases with demonstrated returns —
recruitment, administration — and drive a single application to the depth of process redesign, establishing a
replicable internal benchmark before expanding. Second, move governance ahead of scaling. The cost of
establishing use policies, data boundaries, ethics review and training is far lower during the pilot phase than
the cost of retrofitting after scaling; data privacy has become the leading challenge while more than half of
firms have no governance arrangement at all, and this gap should be closed before application scales.
Third, treat leadership appointment as part of the transformation plan. The data show that firms led by
younger, cross-functional HR leaders progress faster, and that firms whose leader holds a single
professional background show lower gains in adoption across both time windows. Firms should weigh data
literacy and cross-functional experience when appointing HR leaders, and provide incumbent teams with
systematic training in technical and data capability. Fourth, manage the human side of the transition
actively. The co-occurrence of deeper application with workforce churn and headcount adjustment
indicates that reskilling and redeployment should not be remedial measures taken after reductions, but
components of the deployment plan scheduled alongside technology investment. Performance dispersion
created by tool use should be addressed through broader training and adjustments to evaluation, so that it

does not harden into a new form of internal inequality.
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10.3 The technological frontier: from assistive tools to digital labour

Before offering any judgement about the end state, it is worth being clear about where the technology itself
is heading. Over the past three years, the form Al takes inside organisations has moved through three steps.
It entered first as point tools performing well-defined tasks such as screening, matching and calculation. It
then embedded itself as a copilot within everyday work software, collaborating with users in real time to
generate content and process information. The current frontier is the agent: a system that can autonomously
link multiple steps toward a goal, invoke a range of tools and make decisions dynamically. Wave 3 data
provide a cross-sectional gauge of this ladder. Résumé screening, belonging to the first step, is in routine
use at 62.4% of firms. At the second step, generative course content creation and copilot tools embedded in
office software reach 28.9% and 11.3% respectively. At the third, autonomous end-to-end recruiting agents
and workflow-orchestration agents both sit at around 8%. The coexistence of all three forms with steadily
declining penetration indicates that Chinese firms are in the midst of a large-scale migration from the first

step to the second, with only scattered probing of the third.

International frontier practice suggests what the upper end of the ladder may look like. Some leading firms
have handed sourcing, initial screening, communication and interview scheduling to agents executing end
to end, with people retaining only final review and involvement in critical roles. Others have begun
creating employee-like management records for agents, bringing them into headcount and permission
systems, so that digital labour ceases to be a metaphor and becomes an object of management. In the
underlying logic of talent management, systems organised around skills rather than jobs, together with
internal talent marketplaces, are spreading, with firms continuously parsing employees' skill composition to
make deployment, development and succession decisions. Organisational structure has produced its own
landmark: the American biotechnology firm Moderna merged its human resources and information
technology functions into a single people and digital technology organisation, headed by its former chief
human resources officer. The logic, as industry commentary put it, is that HR understands work and
technology understands tools, and when work and tools become deeply entangled the two must be designed

at the same table.

The lag between technological capability and organisational application is the key variable in judging the
pace of what follows. A report published by Anthropic in early 2026 noted that Al already possesses the
capability for most occupational tasks, while actual application trails the capability frontier significantly.
This report's maturity data echo that observation: adoption approaches half while fewer than 3% have
achieved scale or deep integration, and the distance between capability and application constitutes the
principal potential energy behind the changes of the next several years. A separate study by our team, based
on recruitment records from Chinese listed companies, points in the same direction: average Al exposure
across all advertised positions peaked in 2019 and has declined since. That decline is not a sign of
weakening impact — quite the reverse. It means hiring demand for highly exposed positions is contracting,

and that substitution effects have begun to show up in the structure of the labour market.
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10.4 Projecting the end state: possible forms of AITHRM

Extending the line from three waves of data and current frontier practice, we offer five projections about
the medium- to long-term form of ATHRM. These are extrapolations from evidence rather than predictions,
and the speed at which they are realised will depend on the joint evolution of technology, cost and

institutions.

First, the transactional layer will approach complete absorption by systems. Chapter 4 shows that the
leading practices in all nine modules today are almost entirely screening, monitoring and process
automation — tasks with clear boundaries, stable rules and correctable errors, precisely the territory
automation exhausts first. Extending that line, the great majority of transactional work — attendance and
leave, payroll calculation, policy enquiries, records management, onboarding and offboarding — will be
absorbed wholesale by the platform layer within the next several years. The daily interface between
employees and the HR system will shift from a person to a system, and human involvement will contract to
exception handling and appeals. The disappearance of the transactional layer does not mean the

disappearance of the HR function; it means a fundamental rewriting of its cost structure and its staffing.

Second, recruitment will be the first module to be rebuilt completely. Résumé screening is already routine,
interview applications performing live conversational assessment are climbing quickly at 23.2%
penetration, and autonomous end-to-end recruiting agents already appear in 8% of firms. The full presence
of all three technological forms within a single module makes recruitment the most likely to complete the
journey from tool to agent first: for standard roles, sourcing, screening, communication and assessment will
be orchestrated end to end by agents, and the human role will contract to setting the standards, adjudicating
exceptions and giving final approval for critical positions. At that point the core competitive capability in
recruitment shifts from execution efficiency to two human capabilities: the judgement to set the right

standards for the agent, and the relational skill to build trust with high-value candidates.

Third, the object of management will extend from people to hybrid human—machine teams. As agents take
on ever more complete units of work, the organisation effectively acquires a new class of labour whose
deployment, authorisation, evaluation and retirement all require rules. A saying has circulated in the
industry that the HR department will cease to exist, but the original formulation ran in precisely the
opposite direction: information technology departments will need to manage agents the way HR
departments manage employees. That formulation points to a more likely trajectory in which the
methodology of human resource management spills over to become the template for governing digital
labour, with job descriptions, permission boundaries, performance standards and behavioural norms —
institutional instruments built for people — rewritten for the management of machines. Designing the
division of labour in human—machine collaboration, and setting behavioural boundaries for agents, may

become the most value-adding new task for the HR function in the next phase.

Fourth, the basic unit of talent management will move from the job to skills and tasks. Our team's analysis
of position data from S&P 500 firms shows that a large number of job titles have remained unchanged
while their skill cores have been replaced, so that two different kinds of people now coexist under the same

title. Once job labels cease to be reliable, a skills-based talent ledger becomes the basis for deployment and
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development decisions, and internal talent marketplaces displace static job hierarchies as the main channel
of talent mobility. At the same time, the widening performance gap documented in this report means that
the performance distribution itself is being reshaped by technology, with those adept at using the tools
gaining amplified output leverage. Systems for identifying and evaluating talent will need to be rewritten

accordingly, so as to distinguish the dividend of the tool from genuine individual capability.

Fifth, the path to the end state will not be a straight line. The panel data in this report show roughly two
exits for every three entries into adoption: trial, error and reversal are the norm of diffusion rather than the
exception. International experience gives equal reason for tempered optimism. The Swedish fintech firm
Klarna replaced several hundred customer-service staff with Al and subsequently rehired human employees
after service quality declined; and statistics on the more than one million layoffs announced in the United
States in 2025 show that fewer than five per cent were explicitly attributed by the firms themselves to Al,
with a great many other motives mixed into workforce adjustments made in technology's name. Economics
has long held that the net employment effect of technology depends on firms' choices between
augmentation and substitution, and that this choice is ultimately determined by institutions and
management rather than by technology itself. The direction of the end state is clear; how organisations

arrive there remains in their own hands.

10.5 HR professionals in the age of Al: the market's verdict and the rebuilding of
capability

Once Al has reshaped human resource management, who will do the work of HR? This was the question
respondents raised most often during the study. Rather than rely on opinion, we let the labour market vote.
Our team built a database of more than 710,000 HR job advertisements spanning 2014 to 2025; what firms
actually wrote in their job descriptions constitutes the most honest record of how this occupation is
changing. The analysis shows that over twelve years the hard-skill requirements of HR positions shifted in
three directions — toward data, toward performance and toward strategy. What the market expects of
practitioners is moving from familiarity with system operation and policy detail toward the ability to
analyse data and understand business strategy. On soft skills, communication and collaboration hold steady
at a high level as baseline requirements, while genuine growth concentrates in two categories: taking
responsibility and influencing others. The steepest decline is in skills related to standardised content
delivery; in training and development, market demand for roughly seventy per cent of such skill items is

contracting — the territory where generative Al substitutes most completely.

More striking still is the divergence within the occupation. Comparing the same HR positions grouped by
salary reveals that requirements in the high-salary group are rising across the board, with data analysis,
strategic understanding and team leadership all gaining weight, while requirements in the low-salary group
have essentially stayed where they were. The same job title is heading toward two different fates: the
divergence occurs not between occupations but within one. This pattern is structurally identical to the
widening employee performance gap documented in Chapter 8 — technology amplifies differences in the
returns to capability. Summing up twelve years of the market's voting, the conclusion can be stated plainly:

what is being squeezed is not the HR occupation itself but the portion of it built on executing standardised
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processes. The market value of practitioners who combine business understanding, data fluency and

command of Al continues to rise.

Turning to organisational form, there is a structural question to answer. For the past twenty years, the
organisational design of HR functions worldwide has been modelled almost universally on the three-pillar
model proposed by Dave Ulrich — the division among centres of expertise, business partners and shared
service centres. The arrival of Al is shaking the foundation of that architecture, because the standardised
delivery carried by the shared service centre is precisely what systems absorb first and most completely. It
may be time for the three pillars to evolve into another form. Our team summarises the structure of the
future HR function as a three-ring model. The outer ring is the Al platform layer, where payroll automation,
intelligent onboarding, policy enquiry, initial recruitment screening, benefits self-service and training
content generation are absorbed by systems with minimal human input. The middle ring is the business
judgement layer, composed of business partners, talent strategy, employee relations and culture, and HR
technology operations — deeply embedded in the business and handling what Al cannot standardise. The
core is the strategy and insight layer, composed of the chief people officer, the people analytics lead and the
organisation design strategist, data-driven and serving the top of the house directly. The division of labour
across the three rings can be captured in a sentence: Al absorbs transactions, people concentrate on
judgement, data drives strategy. It should be said that the boundaries between the rings are not fixed. As Al
capability continues to advance, some judgement work handled by people in the middle ring today may be
absorbed into the outer ring tomorrow; the dividing lines will keep contracting toward the centre, and the
territory on which people concentrate will migrate toward higher-order judgement and strategy. The three-
ring model therefore describes not a static distribution of positions but a dynamic process of contraction.
Staffing ratios across the rings will vary by firm size and industry, but the direction — value converging

inward, the machine boundary advancing inward — is the same.

63



Artificial Intelligence-Enabled Human Resource Management Chapter 10 - Conclusions, Implications and the Road Ahead

From three pillars to three rings: the boundaries keep contracting inward

Payroll automation
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HRIS operations .
benefits self-service - learning content generation

CV screening
Business HR partner
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aching absorbed by systems, minimal human input

MIDDLE RING - Business judgement layer
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HR tech ops Talent strategy}

Policy Q&A bot " Strategy & insight o Compliance automation ER & culture lead - HR technology operator
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embedded in the business, handling what AI cannot standardise

ER & culi lead

culture lea CORE - Strategy & insight layer
Chief people officer - people analytics lead
L&D content generation organisation design strategist

Onboarding bot

- data-driven, serving the top of the house

Benefits self-service

At the individual level, the capability map of the future practitioner takes the form of a hierarchy built from
the bottom up. At the base lies transactional HR capability: standardised professional knowledge, process
execution and administration, and the production of standard content and training delivery. Work at this
level has clear boundaries and stable rules; it is being ceded to systems, and market demand for it continues
to fall. Above it sits strategic HR capability: succession planning and critical talent management, reward
and incentive design requiring judgements of fairness, executive hiring and candidate relationships, and
organisation design and change implementation. These belong to the higher reaches of the traditional
functional division of HR; they depend on experience and professional depth, and machines cannot take
them over wholesale. On top of these two traditional layers, future practitioners must add a new one: Al
and digital capability, comprising the data literacy to explain problems with data and to remain sceptical of
algorithmic conclusions, the ability to judge the quality of AI output and identify exceptions, the process
design skill to define the division of labour between people and machines, and an awareness of ethics and
compliance covering privacy boundaries and algorithmic accountability. At the apex, and most critical of
all, sit two core capabilities. The first is situational judgement and the building of interpersonal trust —
reading emotion, forming judgements and earning trust in complex employee relations and in situations
calling for executive confidence — anchored in a commitment to people and to employees. The second is
business acumen — reading the profit and loss statement, connecting talent structure to business strategy,
and anticipating the right moment for change — anchored in a commitment to the company and to
performance. What these two core capabilities share is that they are situational, involve trust and resist
standardisation, placing them precisely in the region hardest for machines to replicate; and they correspond,
respectively, to the dual mission of HR work in serving people and serving the organisation. For

practitioners, the practical step is to audit their own capability structure against this map: the more their
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work concentrates in the transactional base, the more urgent their transition; and any gap in Al and digital
capability or in the two capabilities at the apex should be the focus of remedial effort over the next two to

three years.

Exhibit 10-2

The capability stack: transactional skills give way, two human cores rise to the top

Based on the team's analysis of 710,000+ HR job advertisements (2014-2025)

Situational judgement & building trust Business acumen

TWO CORES

Human-machine process design

Al output d quality - HRIS management d what the system handles
eptions C needs human review

Standardised expertise Process execution & administration Standard content & training delivery

olicy detail - benefit rules onboarding ayroll processing roughly 70% of these skill requirements
P payroll p q
. being absorbed by Al . replaced by flows are declining in the job market

P . T
Al & DIGITAL

TRANSACTIONAL STRATEGIC HRM

Source: Research team, HR job-advertisement database

The Moderna case provides a concrete footnote to this chapter: when human resources and digital
technology were merged into a single function, the person chosen to lead it was the former chief human
resources officer rather than the technology head. The judgement behind that appointment is worth
remembering. When firms begin to answer seriously which work goes to people and which to machines,
the centre of that question is the organisation, the work and the people — precisely the domain in which the
HR profession has accumulated the deepest expertise. Technology does not become benign on its own.
Whether this transformation is defined by the logic of efficiency alone, or guided by professionals who
understand the technology while retaining warmth toward people, depends on who occupies the driver's
seat. Twelve years of the market's voting show that the ticket to that seat is a composite capability structure;
and another fact recurring throughout three waves of our data is that the bottleneck in most firms'
transformation is precisely the scarcity of HR professionals who understand both the business and the

technology. For practitioners, that is at once a demand and an opportunity.

I 10.6 Limitations and future plans

The conclusions of this report are subject to several conditions. Sample composition differs across waves;

although all key conclusions have been checked against the matched panel, the overall statistics should be
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understood as a picture of participating firms rather than a nationally representative estimate in the strict
sense. The principal variables are self-reported by HR leaders and may be affected by common method
bias. Causal interpretation of cross-sectional associations remains cautious, and while the lagged tests
provide stronger evidence, their sample sizes are still limited. The forward-looking material in sections
10.3 to 10.5 consists of extrapolations from current evidence and does not constitute a prediction of any
specific timetable. Our team plans to conduct a fourth wave in 2027, with priority on expanding the panel
of firms tracked across three or more waves, matching in objective operating data, and measuring
governance development, agentic applications and employee-level usage behaviour in finer detail, so as to

continue documenting this organisational transformation among Chinese firms.
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This study formally began in August 2024. In the preparatory phase, with the assistance of the Human
Resources Association (HRA) under Beijing Foreign Enterprise Human Resources Service Co., Ltd.
(FESCO) — and with special thanks to Ms Zhang Shuyan — our team conducted in-depth interviews with
nearly ten firms already applying Al in human resource management. Those interviews allowed us to
understand real application scenarios, difficulties and reservations before designing the questionnaire.
Building on the interviews and a review of the literature, the team completed the questionnaire design and,
with the support of the China HRD Club (with special thanks to Mr Cai Yuangi), the HRA and the Peking
University MBA Human Resources Association, launched the online survey in October 2024. The first
phase concluded at the end of December 2024 and produced the preliminary findings of this report.
Recruitment for the two subsequent waves relied principally on the same channels. Without these
organisations' investment in firm outreach, channel access and sustained mobilisation, a three-wave study

spanning nearly two years could not have been carried out, and we extend our sincere thanks.

From its inception the study has been funded throughout by the Guanghua Thought Leadership programme
at the Guanghua School of Management, Peking University. The programme was established to encourage
faculty to undertake exploratory work close to enterprise practice, laying foundations for future research
without publication as the sole objective. It was precisely this orientation that gave our team the confidence
to follow a rapidly changing subject at an unhurried pace: three waves of data collection, two years of
tracking, and a large body of interviews and data that could not be converted immediately into papers were
all completed under that support. The work also produced an unplanned dividend: during the study our
team developed a course for MBA students, Business Applications of Artificial Intelligence, bringing the
real practices of firms back into the classroom. We hope that this report and that course have honoured the

founding intent of the Guanghua Thought Leadership fund.

We thank the two doctoral students on the team. Li Hangtao carried out the design of the online
questionnaire in the preparatory phase and a great deal of the analysis across three waves; much
painstaking technical labour lies behind the numbers in this report. Hou Wenxin managed the fielding of all
three waves, follow-up contact with participating firms, and the logging of gift dispatch, along with a great
many small and concrete administrative tasks — it was this interlocking execution work that kept a two-
year longitudinal study running smoothly. It is worth noting that this is precisely the kind of work Al
cannot yet fully replace: the professional judgement behind a questionnaire, and the patience and sense of
responsibility required to stay in contact with several hundred firms, can still only be supplied by people.

Without their efforts this study could not have been carried out.

We are especially grateful to every HR leader who took the time to respond across the three waves. The
questionnaire was not an easy one: it was long, wide-ranging, and many items required respondents to
retrieve specific internal information before answering, so that completing it once took considerable time
and patience. That you answered carefully amid demanding schedules, and did so again when the second
and third invitations arrived, is the most important foundation of this report. The 154 firms that participated
in all three waves have allowed us to observe genuine movement within the same set of organisations over

two years — evidence of a kind that is not common in management research. The time you gave has been
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converted into public knowledge that peers can reference and those who follow can build on: a contribution

to management scholarship and management practice alike.

As the three waves progressed, interim findings were presented at a number of academic and industry
venues, including the Digital and Intelligent Organisation Symposium hosted by the School of
Management at Zhejiang University in 2024; the 2025 Biennial Conference of the International Association
for Chinese Management Research (IACMR), held alongside the tenth anniversary of the journal
Management Insights; two consecutive years of the Super A Conference organised by the HRA under
FESCO; the 2026 annual forum of the HR Excellence Center; and the launch meeting of the New-Quality
Organisation study conducted with Ruihua Zhice. The questions, challenges and suggestions received at
each of these occasions entered, to varying degrees, into subsequent revisions of the questionnaire and into
the analytical framework of this report. We thank the organisers who provided these opportunities and the

colleagues in academia and industry who offered feedback.

During the study we also received many letters. A number of correspondents expressed keen interest in the
subject while also confessing to a certain anxiety: knowing that AI is changing human resource
management, yet finding that their own organisations could not yet move, constrained by data foundations,
resources or organisational awareness. We would offer this response: there is no need to be anxious. The
data from three waves show that firms which have not adopted remain the majority, that the overwhelming
majority of those that have adopted are still exploring or piloting, and that fewer than three per cent have
reached scaled application. The gap today is far narrower than industry narratives suggest. As the
technology matures and the cost of use continues to fall, availability will cease to be the privilege of a few
firms, and broad diffusion can reasonably be expected. What we would most like to see at that point is HR
professionals freed from heavy transactional work to do things of greater value and greater strategic
significance — serving employees better and expressing more fully the humane care that HR work ought to

embody. That is both the direction technological progress should take and the reason this study continues.

A final note. The writing of this report was substantially supported by Claude Fable 5; Al participated
deeply in the production process, from data preparation and chart production to the revision of the
manuscript, with all content reviewed carefully and adjusted repeatedly by our team before being finalised.
We state this both as a matter of transparency in the use of Al tools — we believe that honest disclosure of
how artificial intelligence participates in knowledge production should become a basic norm of scholarly
work in this era — and because, for a report whose subject is artificial intelligence, this was also a gain in

efficiency and a first-hand attempt by our team to embrace the technology we study.

The views and conclusions in this report are the responsibility of the research team; we welcome comment

and correction on any shortcomings in the text.
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